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Abstract—We document systematic mispricing in Kalshi’s
college football prediction markets during the 2025 season.
High-probability contracts (90-99 cents) are consistently under-
priced by approximately 2.29 percentage points in the hours
preceding Kickoff. We attribute this inefficiency to retail traders’
preference for lottery-like payoffs on longshot bets. A trading
strategy exploiting this pattern achieves a 98.67% win rate (148,
150 trades), though concentration risk from expensive contracts
limits risk-adjusted returns to a Sharpe ratio of 0.20 (unannu-
alized). Our findings suggest that while market inefficiencies
exist and are statistically significant, their exploitation requires
careful risk management due to severe tail risk exposure.

Index Terms—Prediction markets, Market efficiency, Behav-
ioral finance, Trading strategies

I. BACKGROUND

Prediction markets have experienced rapid growth following
recent regulatory changes with platforms like Kalshi emerging
as key venues for betting on real-world events. This report
examines the college football prediction market for the 2025
season to identify pricing inefficiencies. Our analysis reveals
systematic mispricing in the final hours before kickoff, specif-
ically for contracts trading in the 90-99 probability range,
suggesting exploitable market inefficiencies during this critical
pre-game window.

II. MARKET CALIBRATION

To test market efficiency, we analyze the calibration of
prediction market contracts at a standardized time point ¢.
Our dataset comprises minute-level tick data for 830 contracts
from the first six weeks of the 2025 college football season.
We normalize timestamps across all contracts using “elapsed
time,” defined as minutes relative to kickoff (negative values
indicate pre-game).

For this analysis, we filter to contracts with ¢t = —60 (60
minutes before kickoff) and extract each contract’s first closing
ask price after this threshold. We then group contracts into
10 cent price bins and calculate the realized win rate within
each bin. This approach allows us to assess whether market
prices accurately reflect true outcome probabilities.

Our calibration analysis reveals significant mispricing in the
extreme price bins. Contracts in the (0,10] bin show a delta
of —3.48 percentage points, while those in the (90,99] bin
exhibit a delta of +2.29 percentage points, both statistically
significant. This indicates that low-probability contracts are
systematically overpriced, while high-probability contracts are
underpriced relative to their true win rates.
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Fig. 1. Market calibration at t=-60 minutes

Contract Calibration (t=-60)

Delta T-stat

Price Group Trade Time Mean Price Mean Result Mean Result St. Dev. Count

(0, 10] -56.65 4.69 1.21 10.98 165 -3.48 -4.07
(10, 20] -54.99 15.96 18.89 39.36 90 2983 0.71
(20, 30] -52.61 26.05 26.32 44.43 57 0.26 0.04
(30, 40] -56.99 35.40 36.59 48.46 82 1.18 0.22
(40, 50] -53.55 4550 39.06 49.17 64 -6.44 -1.05
(50, 60] -55.59 56.11 60.66 49.26 61 454 0.72
(60, 70] -57.13 65.72 61.45 48.97 83 -4.28 -0.80
(70, 80] -51.93 74.53 72.73 44,95 55|-1.80 -0.30
(80, 90] -56.77 84.92 80.46 39.88 87 -4.46 -1.04
(90, 99] -53.43 96.38 98.67 11.51| 150 2.29  2.43

Fig. 2. Calibration statistics at t=-60 minutes

We attribute this pattern to behavioral biases among retail
traders who constitute a substantial portion of prediction
market participants. Existing research shows that recreational
bettors exhibit a preference for lottery-like payoffs with
asymmetric returns, leading them to overvalue underdogs and
undervalue favorites. This behavior creates the observed pric-
ing distortion, with demand concentrated in low-probability
contracts despite their negative expected value.

III. OprimaL TiMING

Now that we have established the existence of mispricing
in extreme price bins, we explore the optimal time to take
advantage of these mispricings. We do this by taking our tick
data and discretizing it into 60 minute interval time bins and
10 cent increment price bins. For every combination of bins
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we compute the calibration of the bin. We report the results
of the (90, 99] bin.

Our temporal analysis reveals that mispricing in the (90, 99]
bin varies systematically with proximity to kickoff. Up to
3 hours preceding game start, high-probability contracts are
underpriced by approximately 3 percentage points, meaning a
contract priced at 90 cents has a realized win rate of 93%. This
effect reverses after kickoff with the same price bin becoming
overpriced by up to 3 percentage points. Importantly every
time bin preceding kickoff has a statistically significant test
statistic.
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Fig. 3. Calibration over time for (90, 99] price bin

IV. STRATEGY PERFORMANCE

Now that we have established the systematic mispricing
of extreme bins and the strength of the effect over time, we
explore the profitability of a trading strategy where we buy 90
to 99 cent contracts 60 minutes prior to kickoff. We do this
by filtering our tick data to the 60 minute window prior to

kickoff and taking the first closing ask price for each security.

We then compute the profits as 1 — ask _price for winning
contracts and —ask_price for losing contracts. Here we report
the results of this strategy:

Implementing this strategy generates 150 trades over our
sample period, with 148 winners and only 2 loss. However, the
concentration in high-probability contracts creates asymmetric
risk exposure. While individual gains are modest, potential
losses on any single trade are substantial. The winning trades
alone achieve a Sharpe ratio of 1.33 (unannualized), but
incorporating the two losing trades reduces the overall strategy
Sharpe ratio to 0.20 (unannualized).

Count Profit Price Return Mean Return Std. Dev. Sharpe

Trades Elapsed Time

Won -53.36 148.00 532.00 14,268.00 3.81% 2.86% 1.33
Lost -58.00 2.00 -189.00 189.00 -100.00% 0.00% —inf
Total -53.43 150.00 343.00 14,457.00 2.42% 12.28%  0.20

Fig. 4. Strategy performance metrics at t=-60 minutes

This performance degradation highlights the strategy’s
vulnerability to tail risk. We propose that disciplined risk

management through stop-loss orders could meaningfully
improve risk-adjusted returns by capping downside exposure
on losing positions while preserving the high win rate that
drives profitability.

V. CONCLUSION

This analysis demonstrates systematic and exploitable mis-
pricing in college football prediction markets on Kalshi during
the 2025 season. We document that high-probability contracts
trading in the 90-99 cent range are consistently underpriced
by approximately 3 percentage points in the hours leading
up to kickoff, a pattern we attribute to retail traders’ well-
documented preference for lottery-like payoffs on longshot
bets.

A simple trading strategy that exploits this inefficiency—
buying high-probability contracts 60 minutes before kickoff
—achieves a 98.67% win rate over 150 trades. However, the
strategy’s Sharpe ratio of 0.20 reveals its Achilles’ heel: con-
centration in expensive contracts creates severe tail risk, where
a single loss can erase the gains from numerous winners. This
risk-return profile suggests the market inefficiency, while real,
may be challenging to exploit at scale without sophisticated
risk management.
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